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TEXT AS DATA

APPLICATIONS OF AUTOMATED TEXT ANALYSIS IN THE MIDDLE EAST AND NORTH AFRICA

How do political parties in Tunisia present their economic platforms? How do Saudi political activists
and their online followers change their social media behavior after arrest? How do Syrian state-owned
media promote the political agenda of the state? These are just some of the types of questions that
researchers are answering today using new text-as-data approaches.? Text-as-data applications have
experienced a notable increase over the last decade as digitization of documents and the Internet make
large corpora of texts more accessible and as greater computing power makes the processing of such
texts more feasible. The study of Middle East politics is no exception.

We organized this symposium to highlight the new work being done using Arabic language and text-as-
data methods, to address some of the risks and rewards of adopting these methods, and to familiarize
the Arabic-language research community with what remains a relatively new methodological approach
in comparative political science.?

The contributions included in this newsletter illustrate the wide variety of texts that can be analyzed
using new computational methods: (1) religious texts* (2) party platforms® (3) social media® and (4)
traditional news media.® These articles highlight how bodies of Arabic text can be analyzed to uncover
new puzzles, measure key patterns of language usage, or make inferences about political behavior by
key actors in the region. For example, Richard Nielsen discusses how male and female Salafi preachers
appeal to different types of authority in their religious discourse. ¢

In addition to exploring various kinds of corpora for text analysis, each of the contributions details
their methodological approaches and the challenges they faced. Broadly, these challenges include
decisions about preprocessing the Arabic text data (e.g. dealing with distinguishing proper nouns from
other words in the absence of capitalization and what types of stopwords to remove®) and decisions
about how to analyze the data (e.g. using supervised or unsupervised methods). ¢ Nathan Grubman’s
project on party ideology is an example of an unsupervised approach to ideological scaling, while
Alexandra Siegel and Jennifer Pan’s article on social media in Saudi Arabia uses supervised classification
methods. %

Importantly, the authors each illustrate the way that a deep understanding of the region and the texts
is pivotal to using text as data methods. Text analysis points to the importance of language learning,
deep thinking about the meaning of words, and recognizing the limits of automated methods. Once a
researcher has developed her own understanding of the purposeful and delicate ways language is used,
she can make decisions about how to process the text, what type of approach to use, or how to work
with research assistants to classify texts. The authors included in this symposium reflect on engaging
in that process in their own research.

Close knowledge of the region also helps researchers to think carefully about the ethical issues
associated with using text-as-data methods. Ala’ Alrababa’h discusses intellectual property issues and
the ethical concerns around ensuring that online access to the newspapers is not disrupted for other
readers when researchers are scraping the websites. And Alex Siegel addresses the debates around
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highlighting an online individual’s social media activity in repressive settings. Looking ahead these
ethical issues should remain at the forefront of researchers’ discussions.

Looking Ahead

If the recent uptick in social science research using text-as-data methods with Arabic language is any
indication, these approaches will continue to develop and grow in political science. Work using
computational text analysis methods in other languages offers some ideas about possible new avenues
for research using these tools with Arabic, including: (1) literature, political theory texts, and
textbooks® (2) candidate platforms and manifestos® (3) open-ended survey questions, interview
transcripts, or personal narratives® (4) political speeches and press releases® and (5) diplomatic
records, judicial decisions, and other government documents.®

Furthermore, from a methodological perspective, it would be interesting to see more work exploring
technical aspects of Arabic text analysis. For instance, should analysis of Arabic traditional and social
media incorporate French texts, particularly in former French colonies, and how consequential is that
decision?”® Do the results of automated text analysis of Arabic differ after stemming versus
lemmatization? Because Arabic relies on a strong root system, lemmatization could also be a powerful
way to analyze the language.

Despite advances in Google Translate, automated language translation from Arabic performs more
poorly than other major languages (and does not translate colloquial Arabic), and Arabic language
remains underrepresented in artificial intelligence applications more broadly.” Based on my own
experience working in Arabic, for these reasons, automated translation from Arabic often fails to
capture the meaning of a phrase or the correct translation of specific words within a given phrase.
Thus, in analyzing computer-translated Arabic texts, the bag-of-words assumption could be violated.”
The works highlighted in this newsletter do not use automated language translation, and, in the short
to medium term, that is likely to remain the gold standard for Arabic automated text analysis.

Some Arabic Text Analysis Resources

Rich Nielsen, one of the contributors to this newsletter, has developed stemmers for both Arabic (Arabic
Stemmer) and Persian (Persian Stemmer). Additionally, there are many resources that have been
developed outside of political science with applications to Arabic text-as-data analysis. For instance,
the Computational Approaches to Modeling Language (CAMel) Lab is a research lab at New York
University Abu Dhabi focused on Arabic language analysis, and the Stanford University Natural Language
Processing Group has developed software that can also process Arabic language texts (Stanford
CoreNLP).

As highlighted by this collection of essays on recent research that employs Arabic text as data methods,
there are many research questions - both new and old - to which these methods can contribute. We
hope that by featuring this work, we provoke further discussion around the promise and pitfalls of these
methods, particularly as it relates to Arabic language texts, and encourage scholars to familiarize
themselves with these methods, if not add these tools to their repertoire.

- Alexandra Blackman, New York University - Abu Dhabi
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32 There are two other known biases in the Algerian Facebook
population, but these are correctable. The first is gender: men
represent 50.6% of the population, but 64% of Facebook users.3*
Second, Facebook users tend to be younger than average: 64% of
the overall population are less than 35, but 76% of Algerian
Facebook users are less than 35. We corrected for age and gender
biases by creating separate Facebook advertisements for each age-
gender demographic (i.e., women aged 25-34). We then increased
the number of ads shown to demographic groups under-
represented on Facebook, such as older women, in order to create a
more balanced sample.

32 For a list of those arrested, see: https://www.tsa-algerie.com/les-
personnalites-mises-en-detention-depuis-le-depart-de-bouteflika/
33 See Bruce Riedel, “"Unveiling Algeria’s Dark Side: The Fall of the
Butcher of Algiers,” Brookings, May 8, 201g9.
https://www.brookings.edu/blog/order-from-
chaos/2019/05/08/unveiling-algerias-dark-side/

34 See https://www.france24.com/en/20190802-algeria-protest-
civil-disobedience.
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